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Conservation scientists, national governments, and international
conservation groups seek to devise, and implement, governance
strategies that mitigate human impact on the environment. However, few studies to date have systematically investigated the performance of different systems of governance in achieving successful
conservation outcomes. Here, we use a newly-developed analytic
framework to conduct analyses of a suite of case studies, linking
different governance strategies to standardized scores for delivering ecosystem services, achieving sustainable use of natural resources, and conserving biodiversity, at both local and international
levels. Our results: (i) conﬁrm the beneﬁts of adaptive management;
and (ii) reveal strong associations for the role of leadership. Our
work provides a critical step toward implementing empirically justiﬁed governance strategies that are capable of improving the management of human-altered environments, with beneﬁts for both
biodiversity and people.
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s ecosystems degrade and loss of biological diversity accelerates, it is becoming increasingly urgent to identify governance strategies that successfully mitigate human impact (1).
Although many different approaches have been proposed, their
effectiveness has rarely been compared systematically for different conservation outcomes, and samples of case studies are often
small. Before 2004, only 35% of studies of natural resource
management had ﬁve or more cases (2). Almost all studies with
larger samples were multisite comparisons for a single theme at
subnational level, with very few attempts at analyses at an international scale (3–5). This lack of basic empirical evidence on
the performance of different governance strategies has led to
polarized debates among conservationists (6), wastage of scarce
ﬁnancial resources, and a risk of poorly designed and ineffective
conservation programs. In this study, we analyze a suite of 34 local
and international case studies to identify governance strategies
that may beneﬁt three conservation outcomes, namely: (i) enhancing delivery of ecosystem services; (ii) ensuring sustainable
use of natural resources; and (iii) maintaining biodiversity.
An early contention that common-pool resources are inevitably overexploited, in a “tragedy of the commons,” has been
replaced by understanding that common property institutions
under strong communal management can provide effective
stewardship for the conservation of biodiversity (7, 8), especially
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when central or local protective regulation is effectively enforced
(4, 9). Governance strategies adopted for conservation therefore
vary widely, embracing community management as well as centrally controlled, state-run protected areas and private property
regimes. The Convention on Biological Diversity (CBD) encourages devolution of management responsibilities and has drawn
attention to the importance of adaptive management (i.e., regular
monitoring to enable “learning through doing”) (10) to complement protected-area governance (11, 12). Moreover, growing
recognition of the often hidden values of ecosystem services (13,
14) now supports CBD’s recommendation to use economic or
social instruments to promote effective conservation (6). Examples
include waste-trading schemes, eco-labeling, creation of knowledge networks and, especially, public payment for maintenance of
certain ecosystem services, for example through Reduced Emission from Deforestation and environmental Degradation (REDD)
(15). However, discussion continues on the relative merits of
protective regulation or positive social and economic incentives for
conserving biodiversity within and beyond protected areas (16–18).
To address socio-environmental objectives, it is therefore important to consider a range of processes and socio-economic tools
within an envelope of institutional capacities, including a potential
role for leadership (typically, in the form of providing knowledge
on complex issues) that has recently come to the fore (19).
Critically, many regulatory tools (such as restrictions on access
or use) and social or economic tools (such as moratoria, taxes,
and subsidies) are applied as political expedients without instituting appropriate studies to assess their effectiveness. These
tools have costs that affect their social sustainability. The performance of conservation schemes needs to be assessed, and it
seems essential for such evaluations to move beyond single-
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factor analyses. We developed an analytic framework to assess
the relative importance of a suite of governance strategies for
effective biodiversity conservation (20), based on measuring indicator variables in four main categories (Fig. 1A): (i) initial capacity; (ii) management priorities; (iii) main processes and tools
aimed at those priorities; and (iv) environmental response variables that potentially depend on (i)–(iii). Using standardized
questionnaires and expert judgment (Materials and Methods), we
collected continuous and categorical data for 34 case studies
across two levels of scale (Table S1). A total of 26 cases examined
the management of study areas at local to subnational scale: 15 of
these studies came from eight European countries, two from the
United States, and nine from different developing countries.
Eight additional cases involved the use of speciﬁc ecosystem
services at an international scale, including organic agriculture
around the Baltic Sea, North Sea ﬁsheries, and a 27-country
European Union-wide survey of six recreational activities dependent on wild resources.
For our sample of local case studies, we used informationtheoretic (IT) modeling techniques to examine which factors,
whether singly or in combination, best predicted variation in
three environmental response variables (Fig. 1B): (i) provision of
ecosystem services; (ii) sustainability of resource use; and (iii)
conservation of biodiversity. As predictor variables, we identiﬁed—
from an initial set of 22 putative variables—5 indicators of governance strategies that had been measured or assessed objectively,
and which were of strong a priori interest based on major debates
in conservation science (Fig. 1B, Table S2, and Table S3). By ensuring that each logical stage of our analytic framework was
represented in the models (Fig. 1 A and B), we were able to assess
the relative importance of these different stages in achieving
successful conservation outcomes. We omitted from our IT
models all variables for the setting of management priorities: This
approach both minimized the number of predictor variables (reducing the risk of spurious relationships) and ensured that key
analyses were strictly based on objectively measured predictors
(Materials and Methods, Fig. 1B, and Table S2). An alternative
analytical technique, Ragin’s Qualitative Comparative Analysis
(21), could only be implemented with a restricted dataset (Mate-

Results
Provision of ecosystem services was associated with both adaptive
management (Fig. 2A) and knowledge leadership—a measure of
the frequency with which a higher authority was consulted. Both
predictors approached signiﬁcance when they were included in
the same model (Table S4A), despite being highly intercorrelated
(r26 = 0.701, P < 0.0001). Dropping one of the two variables from
the full model resulted in a strong positive relationship (at P <
0.01) for the variable remaining in the model. There was also
a negative effect of regulatory tools when adaptive management
was excluded (Fig. 2A and Table S4A). Considering the sustainability of resource use, the relationship with knowledge leadership
was signiﬁcantly positive when using ﬁve predictors, and that with
adaptive management became strongly positive when knowledge
leadership was removed (Fig. 2B and Table S4B). However, the
model-averaged parameter estimate was higher for knowledge
leadership (β = 0.76) than for adaptive management (β = 0.52)
when the alternative variable was dropped. Finally, for conservation of biodiversity, both knowledge leadership and regulatory
tools independently showed strong positive relationships in the full
ﬁve-predictor model (Fig. 2C and Table S4C), whereas adaptive
management had a signiﬁcant effect when knowledge leadership
was dropped.
Taken together, knowledge leadership had a strong positive
effect on all three environmental response variables, whereas
adaptive management was independently associated with the
provision of ecosystem services but was otherwise interchangeable
with knowledge leadership. Meanwhile, regulatory tools showed
strong relationships with two response variables—negative for
the provision of ecosystem services and positive for the conservation of biodiversity. Private ownership of land and state responsibility for land management, two of the three variables
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Fig. 1. Conceptual framework for analyzing the performance of different governance strategies. (A) The framework
grouped variables into four main categories:
(i) initial capacity; (ii) management priorities; (iii) main processes and tools aimed at
those priorities; and (iv) the economic, societal, and ecological impacts of these governance strategies. Impacts were subsequently
assessed and procedures were evaluated (no
variables were included for this category).
(B) For statistical analyses, variables were
chosen that represented the logical structure
of the framework. IT models were then used
to examine which (combination of) variables
from categories (i)–(iii) best explained variation in three environmental response variables of category (iv): provision of ecosystem
services; sustainability of resource use; and
conservation of biodiversity. Potential associations with the three priority-setting variables were analyzed separately, for reasons
explained in Materials and Methods. For
details on variable selection, see Materials
and Methods, Table S2, and Table S3, and for
results, see main text, Fig. 2, and Table S4.
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rials and Methods), but its results corroborated those from the IT
models, and are therefore not reported in detail. Although similarly comprehensive analyses were not possible with our more
limited sample of eight international case studies, we used key
results from our local-site IT analyses as candidate hypotheses for
examining selected univariate relationships.
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Fig. 2. Key associations between governance strategies and three environmental response variables. (A) Provision of ecosystem services. (B) Sustainability of
resource use. (C) Conservation of biodiversity. Based on the independent assessment of case studies (Materials and Methods), variables were assigned along
a three- or ﬁve-point scale, with all three environmental response variables ranging from −2 for “very low” status or “>10% decrease in 10 years” as a trend,
to +2 for “very high” status or “>10% increase in 10 years” as a trend. Although statistical analyses were conducted separately for local (black open symbols
and black lines) and international (gray open symbols and gray lines) case studies (see main text and Materials and Methods), some panels show data for both
levels of scale to illustrate consistency of patterns. Putative relationships at the local scale were examined in IT models using multiple predictor variables, and
results served as candidate hypotheses for targeted testing of associations at international level (for results, see main text). Symbol size is proportional to the
number of overlapping data points (i.e., case studies), some adjacent data points are jittered slightly for clarity, and lines are best ﬁts from univariate linear
regressions. Two local case studies, which had been omitted from IT models because of missing data, are included in plots for completeness, where appropriate. For a schematic illustration of the underlying analytic framework, see Fig. 1.

characterizing initial capacity (Fig. 1, A and B), showed no signiﬁcant associations in any of the models.
The setting of management priorities also appeared to have
strong effects on our three environmental response variables. An
emphasis on ecological priorities was positively associated with the
conservation of biodiversity (r26 = 0.717, P < 0.0001), whereas
setting of economic and social priorities was associated with the
provision of ecosystem services (r26 = 0.645, P < 0.0001, and r26 =
0.667, P < 0.0001, respectively) and the sustainability of resource
use (r26 = 0.626, P = 0.001, and r26 = 0.502, P = 0.009, respectively).
At an international scale, the provision of ecosystem services
decreased with the relative importance of regulatory tools (Fig.
2A; r8 = –0.794, P < 0.019), whereas sustainability of resource use
increased with the degree of adaptive management (Fig. 2B; r8 =
0.747, P < 0.033). Both results conﬁrm patterns observed for the
local case studies (Fig. 2 A and B and Table S4, A and B). Likewise, as in our local-scale IT analyses, knowledge leadership was
positively associated with both the sustainability of resource use
(r8 = 0.363, P < 0.377) and the conservation of biodiversity (r8 =
0.620, P < 0.101) (compare Fig. 2 B and C). However, these
relationships failed to reach signiﬁcance with our limited sample
size of only eight international case studies (relationships were
highly signiﬁcant for all three environmental response variables
when pooling local and international data; r34 > 0.55, P < 0.001).
5310 | www.pnas.org/cgi/doi/10.1073/pnas.1007933108

Discussion
Strong beneﬁts of community tenure or management would have
resulted in negative relationships between other tenure or management regimes and ecosystem service status or sustainability.
In view of the strong and consistent positive relationships with
adaptive management and knowledge leadership, there was a
striking lack of association with private land ownership or state
management responsibility. In part, this lack of effects may reﬂect
having to choose these particular variables purely on statistical
grounds (Table S2), thereby ignoring weak positive relationships
of resource-use sustainability with community management in
preliminary regression-based analyses (20). However, effects of
ownership and management also tend to depend on the social
institutional setting (8), so their detection might have required
interaction terms with variables not considered in our models. A
candidate variable would be the duration of conservation management, because almost all our studies were in Europe, North
America, or special conservation areas (Table S1), where balances of state, private, and community tenure and management
institutions were perhaps already relatively favorable, so that the
greatest remaining variation was in short-term tools and processes
such as regulations, leadership, and adaptive management.
Adaptive management, incorporating monitoring and feedback,
has long been proposed as a powerful tool to ensure successful
conservation outcomes (10, 22). Indeed, we found that adaptive
Kenward et al.

Data Collection. Twenty-two teams collected data for the Governance and
Ecosystem Management for the Conservation of Biodiversity project (20)
from 34 case study sites (Table S1). Teams were selected for their ability to
identify a wide range of terrestrial and aquatic ecosystems within different
jurisdictions in countries at various stages of development. Nineteen teams
were tasked with assessing/quantifying one to three local to subnational case
studies that already existed in 19 countries, yielding 26 cases for analysis,
termed “local cases.” Meanwhile, three teams were tasked with assessing/
quantifying eight case studies across multiple countries, termed “international cases.” Standard questionnaires were used at each site to collect
a range of 80–85 ecological, economic, and social datapoints, from which 22
variables (Table S2) were later derived, using a priori processing rules (Table
S3 and ref. 20).
Of the 22 putative predictor variables, 14 for “initial capacity” were based
(Table S2) on: (a) measuring or estimating proportions of state, private, or
community management (variables 1–3 in Table S2) or ownership (variables
5–8) across the study site; (b) whether 1, 2, or 3 of these types of management (variable 4) or ownership (variable 9) were present; (c) scores from
“best professional judgment” of whether vertical integration (variable 10),
horizontal social integration (variable 11), local community participation
(variable 12), and multilevel governance (variable 13) was considered high
(+2), good (+1), basic (0), scarce (−1), or very low (−2); and (d) whether major

Kenward et al.

Variable Selection. For the IT analyses (see below), we identiﬁed a reduced set
of predictor variables from the 22 listed in Table S2 (which were also
intended for a suite of other analyses; ref. 28). With a sample of 26 local case
studies, we expected to have sufﬁcient replication for ﬁtting a maximum of
ﬁve predictor variables, because “the residual mean square will tend to
stabilize and approach the true value of σ2 as the number of variables
increases, provided that all important variables have been included, and the
number of observations greatly exceeds the number of variables in the ﬁtted equation—ﬁve to ten times as many” (29). We selected variables that
were objective, of intrinsic scientiﬁc interest (for a priori reasons), and which
covered the ﬁrst four stages of our analytic framework (Fig. 1, A and B).
Thus, our full IT models included as predictors: (i) percentage of statemanaged land; (ii) percentage of land owned privately; (iii) knowledge
leadership; (iv) adaptive management; and (v) regulatory tools. These variables correspond, respectively, to categories (a), (a), (d), (f), and (g) described
above. By using only a small subset of the predictor variables available, we
also addressed conclusions of an earlier project report, which cautioned not
to “overﬁt” statistical models (28).
Although our three environmental response variables (provision of ecosystem services, sustainability of resource use, conservation of biodiversity)
were scored, and not measured, this approach is unlikely to have created
spurious relationships with the ﬁve chosen predictor variables (or vice versa).
Two important aspects of our experimental design sought to reduce scope
for systematic bias. First, all ﬁve predictor variables (Table S2) were either
assessed directly (land ownership and management) or constructed from
multiple data points after the survey, using a priori deﬁned rules (Table S2
and Table S3). For example, knowledge leadership and adaptive management were each constructed from the answers given to two basic survey
questions. This way, observers could not know, at the time of conducting
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external sources of advice were consulted, and if so, whether more than
once annually (giving scores of 0, 1, and 2 for knowledge leadership; variable 14). For “management priorities,” ecological (variable 15), economic
(variable 16), and social (variable 17) priorities were assessed (e) as not appropriate (−1), at minimal levels (0), or appropriate levels (+1). For “processes and tools,” knowledge generation (variable 18) was scored like
variables 10–13, whereas adaptive management (variable 19) was constructed (f), according to whether monitoring and management were absent
(−2), management of species (−1) or ecosystems (0) was present without
monitoring, or species (+1) or ecosystems (+2) were managed with monitoring; ﬁnally (g), there was a ﬁve-point scale from high (+2) to absent (−2)
constructed from answers to 3–5 questions about listed abundance, implementation, awareness and acceptance of market, regulatory and social tools
(variables 20–22).
In addition to the 22 variables mentioned above, three environmental response variables (provision of ecosystem services; sustainability of resource use;
conservation of biodiversity) were scored through best professional judgment,
using a ﬁve-point scale ranging from –2 (very low or >10% decrease in 10 y)
to +2 (very high or >10% increase in 10 y). Several questions in our standard
questionnaire prompted observer teams to identify appropriate topics for assessment in their allocated case studies. Anticipating a large range of potential
topics across a diverse set of case studies, we considered it important for this
part of the survey to provide teams with a certain amount of freedom in data
collection (see below). For example, observers were allowed to examine any
number of topics for a given response variable (Table S1), and it was left to
their expertise and personal judgment to synthesize diverse data for inclusion
in their ﬁnal report (for each case study, scores were entered in an “executive
summary table,” which was submitted to the project organizers; ref. 28). Although scoring of the three response variables was inevitably less standardized
than for other variables used in our analyses, we considered this approach
essential for effectively capturing the status and trends of very different ecosystems and for assessing case studies of varying data availability and quality.
Importantly, from an analytical point of view, our approach will only have
added noise to our dataset, thereby making detection of effects less likely. If
there was systematic under- or overestimation of success by teams across the
environmental response variables, this bias could have increased similarity of
effects detected for the different response variables, but would generate
neither the observed relationships with predictor variables nor the differences in results between response variables.
With our study approach and project resources, it was not feasible to assess
“biodiversity” with quantitative diversity measures or proxy indicators (26);
rather, where appropriate (Table S1), observers examined the status and trends
of selected, relevant species. This approach enabled us to identify important
relationships with our suite of (governance) predictor variables (see below),
setting the scene for more elaborate future analyses (see main text).

ENVIRONMENTAL
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management had strong, positive associations with all three environmental response variables, providing empirical support for the
recommendation of recent international agreements that implementing adaptive management, and concomitant devolution of
governance, are needed to ensure the sustainable use of biodiversity (12, 23). Future studies should investigate whether, at
least under certain circumstances, beneﬁts of adaptive management and knowledge leadership are an alternative to effective
tenure or management institutions, and what additional advantages they can provide when both approaches are combined.
Although biodiversity conservation seemed to beneﬁt from
setting of ecological priorities and was associated positively with
regulations, the provision of ecosystem services was correlated
strongly and positively with economic priorities, and was at the
same time negatively associated with regulations, at both local
and international scales. These results conﬁrm the importance of
different regulatory emphases, in a dual approach to conservation
that incorporates both protection and use (6, 24). Sometimes this
duality may best be achieved by the spatial separation of areas for
protection or use of resources (25). In areas where conservation is
to be promoted through use of ecosystem services, our analyses
indicate a need for cautious use of regulations. More generally,
our ﬁnding that the three investigated conservation outcomes
were associated with different sets of governance strategies carries
the important implication that, if all three outcomes are desired
simultaneously, a joint (or compromise) set of strategies has to be
implemented; governance strategies that beneﬁt one outcome
may not necessarily support the other two.
Using a newly-developed analytic framework and extensive
survey data, our study succeeded in identifying governance strategies that best explain, across two levels of scale, the provision of
ecosystem services, sustainability of resource use, and conservation
of biodiversity. We suggest that future work should focus on two
main goals. First, further studies are required that replicate and
reﬁne our analyses by using more accurate measurements of socioeconomic factors and environmental variables (26). Second, and
perhaps more importantly, our study sets the scene for investigating
causality through planned experiments. We envisage coordinated,
large-scale trials of different approaches across administrative areas
within countries—as a socio-economic equivalent to landscapescale experiments in ecology—that test key predictions derived
from correlational analyses, such as those presented here. Taken
together, such work will help establish empirically justiﬁed
governance strategies that can help improve the management of
human-altered environments, with beneﬁts for both biodiversity
and people (27).

their evaluation, how their answers would later combine to produce data
for particular variables. Second, our 26 local studies in 19 countries were
assessed by 19 different observer teams, with participants who had not
managed the projects they scored, minimizing scope for systematic bias.
Furthermore, the measures and scores for activities in six of the eight cases
at the international level were averages of data provided by single observers
in each of 5–25 countries.
For two reasons, none of the variables for setting management priorities
(Fig. 1B and Table S2) were included in our IT models. First, based on modeleconomy considerations, we could only accommodate ﬁve predictors with
our given sample size. Second, the priority-setting variables were the only
variables of interest that were represented as simple scores; the other ﬁve
predictor variables, and all three environmental response variables, had
been either measured directly, or constructed from quantitative variables
(see above). Because the priority-setting variables may have been prone to
some subjectivity (those observers who were strongly orientated toward
a particular priority may have been also more likely to be positive about
particular management outcomes), we examined them in separate, univariate tests and interpreted results cautiously.
Statistical Analyses. We chose an IT modeling approach to analyze our dataset
of local case studies. IT analyses are similar to multiple regression analyses, but
circumvent problems associated with conventional stepwise procedures that
inﬂate Type-1 error rates (30). Our IT modeling followed standard methodology (refs. 31 and 32 and Table S4 legend), and used previously reported
algorithms (32) run in “R” (33). We ran models with a normal error structure
(based on linear least-squares regression) on the original scores, because
Kolmogorov–Smirnov, Ryan–Joiner, and Anderson–Darling tests indicated
normality of errors based on residuals of a full model with all ﬁve predictors
ﬁtted to each of the three response variables (all tests were P > 0.10; compare Table S4). We used the adjusted version of Akaike’s information criterion (AICc) to control for bias, as the ratio of the number of observations
(n = 24) to the number of predictors (n = 5) was much less than 40 (31). Two
case studies had to be excluded from analyses owing to missing values (but
were included in plots in Fig. 2, where appropriate).
We calculated 95% “conﬁdence sets” of models ﬁtted to each dataset
(32). A conﬁdence set is the smallest subset of candidate models for which
the Akaike weights sum to 0.95 (i.e., we had 95% conﬁdence that this set
contained the model best approximating the true model). For example,
Table S4, A to C, show all model combinations within the 95% conﬁdence
set of models (31, 32), with the best-ﬁtting at the top (e.g., the best-ﬁtting
model for ecosystem services, with wi = 0.124, included knowledge leader1. Rockström J, et al. (2009) A safe operating space for humanity. Nature 461:472–475.
2. Poteete AR, Janssen MA, Ostrom E (2010) Working Together: Collective Action, the
Commons, and Multiple Methods in Practice (Princeton Univ Press, Princeton).
3. Smith RJ, Muir RD, Walpole MJ, Balmford A, Leader-Williams N (2003) Governance
and the loss of biodiversity. Nature 426:67–70.
4. Chhatre A, Agrawal A (2008) Forest commons and local enforcement. Proc Natl Acad
Sci USA 105:13286–13291.
5. Rey Benayas JM, Newton AC, Diaz A, Bullock JM (2009) Enhancement of biodiversity
and ecosystem services by ecological restoration: A meta-analysis. Science 325:
1121–1124.
6. Hutton JM, Leader-Williams N (2003) Sustainable use and incentive-driven conservation: Realigning human and conservation interests. Oryx 37:215–226.
7. Berkes F, Feeny D, McCay BJ, Acheson JM (1989) The beneﬁts of the commons. Science
340:91–93.
8. Ostrom E, Burger J, Field CB, Norgaard RB, Policansky D (1999) Revisiting the
commons: Local lessons, global challenges. Science 284:278–282.
9. Dietz T, Ostrom E, Stern PC (2003) The struggle to govern the commons. Science 302:
1907–1912.
10. Holling CS (1978) Adaptive Environment Assessment and Management (Wiley, London).
11. Borrini-Feyerabend G (2004) in Biodiversity Issues for Consideration in the Planning,
Establishment and Management of Protected Areas Sites and Networks, (Secretariat
Conv Biol Divers, Montreal), CBD Technical Series no. 15, pp. 100–105.
12. Convention on Biological Diversity (2004) Addis Ababa Principles and Guidelines for
the Sustainable Use of Biodiversity (Secretariat Conv Biol Divers, Montreal).
13. Millennium Ecosystem Assessment (2005) Ecosystems and Human Well-Being: Synthesis (Island, Washington, DC).
14. ten Brink P, et al. (2009) TEEB – The Economics of Ecosystems and Biodiversity for
National and International Policy Makers (UN Environment Programme-World
Conservation Monitoring Centre, Cambridge, UK).
15. Dickson B, Dunning E, Killen S, Miles L, Pettorelli N (2009) Carbon Markets and Forest
Conservation: A Review of the Environmental Beneﬁts of REDD Mechanisms (UN
Environment Programme-World Conservation Monitoring Centre, Cambridge, UK).
16. James AN, Gaston KJ, Balmford A (1999) Balancing the Earth’s accounts. Nature 401:
323–324.

5312 | www.pnas.org/cgi/doi/10.1073/pnas.1007933108
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